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Abstract

This study will draw on satellite sensors which differ in spatial, spectral, and temporal resolution: Sentinel-2 MSI and Sentinel-3 OLCI. The research will be
focused on four optically diverse regions of interest; The Danube Delta and Black Sea Coastline (Romania), Galician Coast (NW Spain), Shandong Peninsula
Coast (China) and the Northern-South China Sea (China). Here, the results from the Galician coast and other European waters will be presented. In-situ data
such as hyperspectral Remote Sensing Reflectance, Chlorophyll-a concentration, phytoplankton abundance and taxonomy, along with fractionated chlorophyll-a
and particle absorption properties will be used to test and develop HAB detection and Phytoplankton size classes (PSC) algorithms for near-shore and coastal
waters. We focus on the detection of Alexandrium minutum from S-2 MSI and S-3 OLCI data. Existing PSC retrieval algorithms based on pigment cover, chloro-
phyll-a abundance, and phytoplankton absorption for coastal and transitional waters were tested. In addition, atmospheric correction models will be tested
against in-situ hyperspectral data and evaluated their performance over coastal waters.We will present results on the optical characteristics of A. minutum and
the potential of MSI and OLCI for their remote detection. We will discuss our plans for the development of Super Learners for HAB indicators and PSC and the
evaluation of the PSC algorithms.
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